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Data Mining in Mobile Learning

Liu Gang, Wang Minjuan, Zhang Chi, Wang Huimin and Chen Xiaoyi

With the rapid development of network technology and communication technology, mobile learning is
showing a strong momentum of development. Using a mobile learning website as a research platform, the
study intends to investigate issues such as mobile learners’ features, personalized recommendation technol-
ogy for mobile learning materials and learning demand forecasting by analyzing objective data obtained with
data mining technology. It is expected that findings from the study will be valuable to mobile learning re-
searchers, website operators, and policy- makers with knowledge- based services.

Keywords: mobile learning; data mining; customer clustering; cooperating filter; blending recommendation

technology; time- series analysis

Technology- supported Collaborative Deep Learning: From the
Perspective of Higher- order Thinking

Duan Jinju

Higher- order thinking is a core feature of constructivism. How to facilitate learners’ higher- order think-
ing is a priority in instructional design. Using the instruments of in- depth interview, online observation and
content analysis, the study investigated learners’ interaction in a network- based course. Findings indicate
that the majority of their talk was higher order and that procedural, social and lower- order talk was less
evident but present in their talk in reduced proportions. Factors which affected their higher- order thinking
included the topic, teacher’s monitoring, learning motivation, use of tools, and flexibility in learning time in
reduced proportions. In terms of communication tool, BBS was their main means of interaction, which
means low- tech tools were most popular among learners.

Keywords: technology; higher- order talks; higher- order thinking; instructional design

On the Impact of Animation in CSCL on Collaborative Learming

Yang Wenyang and Zhao Wenxia

Interaction is a basic activity which can stimulate and generate common knowledge in collaborative
learning while conversation is the basis of collaboration. This study reports on an experimental research on
the impact of animation on Computer Supported Collaborative Learning (CSCL) with 60 third- year under-
graduate students of Educational Technology as subjects. Experiment findings show that the use of anima-
tion in CSCL proved to be more conducive to learning in certain circumstances in comparison with static
course materials. Nevertheless, too much animation and repeated use of animation to introduce key mes-
sages turned out to impede collaborative learning. Research findings are relevant to the design of interac-
tion as well as development of resources and tools in CSCL.

Keywords: animation; collaboration; Computer Supported Collaborative Learning; multimedia; interaction



