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Spark program RDD Graph
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.map (name => (name.charAt (i), name})
.groupByKey ()
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1. FHiTi
MRAERERGEWAELSWNATE. EWELWATEER T ERE: £#
GRS R R R MR G
1. T Spark Standalone % #f & t, £AHAERE S ZH conf/spark—env H
B SPARK_WORKER INSTANCES %#{. SPARK WORKER CORES % #k sk = #y; T

SPARK_WORKER_INSTANCES*SPARK_WORKER_CORES 7~ gk #8 3% #7 #2 HL 2 #9 52
CPU core;

2. BEHMARKABEGRNERERTSANERTRE, —REHLEA
spark—submit B spark-shell Bf3g & Fy——total-executor-cores, — & F L
T, KA FE4 2, XAHE, Spark Standalone & # 24 BT H = W # core
T E 4, 3 B AE Task #19354T7 1 2 #, Standalone % #f &4 H fb spark
NARFEAT T EE RN HEE core B4 E AT HHENR.

4 b Frit, SparkSQL B9 E W HATE T EMEBHW core HEM X, 4 EMREEFN
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2. SHRYEEIE
BB EER, —TEHEMRRT BENENEE, F—FETURD AR
g, BRABEEACE LA FTE:
3. HiEaithid
HAANERAGHWEBETHRES R DY, BEEZTHNITELREY, &
FEEBABENEL, BEREEBHNHAAT L LAREFEENE R, B
B, BEEN—NHEBAE G AT EHTHE, TEBEET WE 10, 0H
HT A 10, BETBEAMTERRE, W TRSHEANE, RTRLEE
(g —E K spark W, REA LT, REAGEREHENEIA, REHE
WElAR, REEZRALRESPOFKBNEETRAA LT —IERME,
» PROCESS LOCAL & %53 BU& 7 £ A T A 09 545
» NODE_LOCAL & 8 3 BUA I 7 5 8 4 4 4F
> ANY Z 4553 BUIE A A A
> 8 %2 BUHE PROCESS_ LOCAL>NODE LOCAL>ANY, A& # 4 LA
PROCESS_LOCAL X NODE_LOCAL 77 & # Bl # % PROCESS_LOCAL 7 cache
R
4. SiERYENIEZE
MTEEWHHRE, EXGENHFERACZEFHALE AT — tinyint
UER KRS, AFENT FERNR int £A, —4 tinyint BEHKAE & A
7 1/ byte, T int & H T 4 4> byte. gt £, — E¥ X HEHAT R FHIE,
WF R R S gk 4% . 7 SparkSQL B, Z AR XA T LA A A IRE
A IR
5. SiERYEHES
MTEEWHHKE, £F SQLIEAWEE, REFTHEE W4, 40 Select
a,b from tbl, T =M Select * from tbl; XA T8 LLB A # 4 10,
B E AR NN
6. {RAYEETFHERSU
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ORCFile. Parquet File, IR Z&ME4, RE B L 4F R, WEALEES
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spark ML FRMEN M TR ENFNERNT, WERERI “BFWEE

R BT, Spark N FERETA 10, AP REENLME:

> SPARK_WORKER_MEMORY, & conf/spark—env. sh # B & SPARK_WORKER MEMORY
A1 SPARK_WORKER_INSTANCES, ¥ DA 75 4-B9 |l 0 s B9 4 77 %R,
SPARK_WORKER INSTANCES*SPARK WORKER MEMORY 7~ #% it % & A & H 4 i
NEEE;

> executor-memory, f& spark—shell B spark—submit #& % spark i | 72 JF Ft
HIEE RN FEE; M S SPARK_WORKER MEMORY ;

>  spark. storage. memoryFraction spark i F 12 F & FT ¥ i& 04 N & K IR o 7]
JF T cache B I

» spark. shuffle. memoryFraction spark iz A2 JF & By ¥ & 09 N F K VB 7]
JF T shuffle 89 H 1]

EERER L, X TERHAS4, 7 UIREE HE 00 A FHEARELME LYWL

¥. A4, 7 SparkSQL A £, FJLAEE:

v HTHEERNERESHTER, STREA - KWETFEER
v T join 81, REZFRINHEK;

v EZER Stage ®i1E, £ BF WML G E £ B Task £ PROCESS_LOCAL;
v B %X Storage 1%, £ B F WA & Fraction cached LB E £,
8. /IiENY Task

% F SparkSQL, £/ — MR EE NS LK, L& shuffle HRH Task 5 &,
# 3¢ spark. sql. shuffle. partitions K. 77 E A2 spark & F AL HE
BE A A B E B AE &, spark FIBRIAEZ 200, Task T %, & ARZHHES
BT R, Task £, &/ Task WAL R B K, &% straggle.
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