Hadoop
-- HDFS#1MapReduce

= K
2012-11-06

900 _ KR mE

h.)\/k}\fx@ urml.org.cn




FEAS

HDFS: =351 = NameNode, SecondNameNode, DataNode
MapReduceIT{EIRIE, JobTracker, TaskTracker
1=z{T7WordCountfl|+

Hadoopl& & s EINS?

HadoopiE&ft+a?

QO@OQ_ /R « 5E1E

h.)wk}\!x@ urml.org.cn




HDFS-f&f

HadoopRID it BES 0 mzFEEIKA T £/M (Mster/Slave) 2514).

HDFSHI I 12 B 74, BRIABR K /NAE64M ( Hadoop = H 2 N | Ab ¥ K #¥s,
AT R R T TE I R], BB B PR AL s 1] >>F-TE B [8])

=XKP=:

NameNode: HDFSI)Eim (Master) , I TEH M Ry 4 25 ], 4E7 %2
M RGN PTE SRR 5] H %

( ¥ & NameNode HDFSHL JCiZ: A8 B, LA HEHANE] 11 J73—NameNode k3%
17, BAIR?)

SecondNameNode: NameNodefJ & A&, J7—NameNode kX%, 1 T PLig Pk
S NameNode. — & A~ FINameNodefE [F]— & HL#s .

DataNode: slaveifi, 17fi% %4

=R R IREAR LA L
99000, K-

AR JAAT umlorg.cn




NameNode SecondNameNode
e )
File metadata: File metadata:
/input/filel ->1, 2, 3 /input/filel->1, 2, 3
/input/file2 -> 4, 5 /input/file2 -> 4,5
\_
DataNodel/[)ataNode/\DataNode3 DataNode4
3 3 5 3 1
5 4 5 2 . 4
2 1 4 1 2
% :
Bt block
90000 s-ms

AR JAAT umlorg.cn



HDFS-At/hEEEf

master slavel
NameNode
~
File metadata:
/input/filel -> 1, 2
/ 3
N
1 F.iIe met.adata: < > 2
/input/filel ->1, 2
) 1
5 4
SecondNameNode
2
DataNode2
DataNodel
LR
e start-dfs.sh JG3JHDFS, iz{TNameNode, SecondNameNode, DataNode
R

« jps BxFJavaa G THHERE (jps: Java Virtual Machin ‘(PQQQ@ IS @ RETE
e ssh slavel ZFEiE#Zslavel (ssh: Secure Shell) “XXTFAS umlorg.cn




HDFS-3{HER

#8S: hadoop fsck /input/filel -files -blocks -locations
& S B ( fsck: File System Check )

/input/filel 113213521 bytes, 2 block(s): OK

0. blk_-2963066870703248498 1006 len=67108864 repl=2 [222.204.215.151:50010,
222.204.215.152:50010]

1. blk_5458412688561008755_1006 len=46104657 repl=2 [222.204.215.151:50010,
222.204.215.152:50010]

Status: HEALTHY

Total size: 113213521 B
Total dirs: 0
Total files: 1

Total blocks (validated): 2 (avg. block size 56606760 B)
Minimally replicated blocks: 2 (100.0 %)
Default replication factor: 2

Average block replication: 2.0 // & —H ) E A%
Number of data-nodes: 2 // B o3 A B2 s T A
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Williams acknowledges Hadoop can be a tough technology to learn, but
any blood, sweat and tears are worth it to ensure his team really
understands the data platform that underpins so much of eBay.
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